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Tab. 1 Typical sentences in Chinese segmentation

papers published at present

No. No
1 / / / 11 / / /
2 / / 12 / / /
3 / / / 13 / / /
4 / / / 14 / /o /o
5 / / / 15 / / /
6 / /] 16 / /] /
7 / / 17 / / / /
8 / / 18 / / / /
9 / / 19 / /
10 / /] 20 / / /]
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Tab. 4 The network output of Samplec
ki 1 2 3 4 5
. 200 0.0058 0.1127 0.2631 0.0499 00685
[, itmammA |
500 0.0047 0.1203 0.2719 0.0341 00544
I HASHESIREE l 1000 0.0033 0.1339 0.2800 0.0255 00479
|
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¥ Tab. 5 The network output of Sample d
| eEzzmm |
1 2 3 4 5
B RE ST HIRER?
200 0.0496 0.0109 0.3389 0.0690 0.0476
5 500  0.0345 0.0065 0.3470 0.0566 0.0399
1000 0.0239 0.0031 0.3511 00483 0.0202
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Fig.3 The flow chart of samples training
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Tab.2 The network output of Sample a

Tab. 6 The network output of Sample e

1 2 3 4 5
200 0.9%61 0.3002 0.0868 00841 00725
500 09703 0.3228 0.0711 0.0748 0.0699
1000 0.9847 0.3360 0.0685 0.0601 0. 0502
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Tab. 3 The network output of Sample b

1 2 3 4 5
200 01601 0.0199 0.5110 0.0899 0. 0403
500 01687 0.0181 0.6333 0.0733 0.0388

1000 01724 0.0177 0.7110 00611 00296

1 2 3 4 5
200 0.4522 0.4617 0.2788 0.0377 0.0255
500 04669 0.4770 0.2805 00269 0.0199
1000 0.4783 0.4802 0.2901 0.0147 0.0106
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Tab. 7 The indexes of trained samples

200 20 160 126 34 78. 13%
500 20 160 138 22 86. 25%
1 000 20 160 156 4 93. 13%
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Research on ambiguous words segmentation algorithm
based on improved BP neural network
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Abstract In the text mining, the technology of Chinese automatic word segmentation is a difficult

problem that the computer science has to face. Aiming at the characteristics of Chinese writing, such

as no space between words, continuous writing in sentences and difficulty of segmenting the

ambiguous words, the grammatical phenomena are summarized which lie in the typical ambiguity, and

the codes library of different parts of speech used for coding is built up. On this basis, words in

ambiguity fields with special grammatical rules are set with codes and transformed to the

representation form of inputting vector which can be accepted by the neural network. Then the

samples are trained and the grammatical rules can be obtained by improving the selfdearning of BP

neural network. After a lot of training through adopting the BP network, the algorithm reaches 93.

1% of training precision and 92. 5% of test precision on ambiguous words segmentation.

Key words text mining; ambiguous words, natural language processing; neural network



