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Fig 1

The comparison betw een the output of
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Fig 2 The error diagran
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An integrated identification of fuzzy model based on
fuzzy canpetitive leamn ing

WANG Hongwei, GU Hong

( SchoolofElectr and hf Eng, DalianUniv of Technol, Dalian 116024 China )

Abstract Them odelngm ethod is proposed to build the m odel of nonlinear system by the modified
G ran Schm ditm ethod An ntegrated algorithm isused to confim the structure and the param eters of
the model by means of the modified G ran -Schm idt akorithm. The fuzzy com petitive leaming is
The modifed

G ran Schm dt orthogonal transfoim is used to acquire the mportant rules and remove the less

transfomed to confim the fuzzy rules by means of orthogonal transfom.

mportant rules The paran eters of fuzzy m odel are estim ated via the proposedm ethod T he structure
identification and the parameter identification of fuzzy model are synchronousl dentified in the
proposed algo rithm. The structure and param eters of fuzzy m odel are optim ized W ith the illustration
of the sinulating result the fuzzy m odelof non-linear system can be built by the proposed algorithm.

Keywords fuzzy modeling fuzzy cam petitive learning fuzzy identification; orthogonal transfom



