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Fig. 1  The structure of nonamer peptide
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Tab. 1 The performance of modified AN N-based prediction method at various thresholds
T Sen Sy Ny P, A c
1.0 99.2 1.9 70.7 50.3 50.6 4.9
1.5 98 1 38 67.4 50.5 51.0 6.0
20 96. 1 7.7 66. 6 51.0 51.9 8.2
25 93. 4 7.7 53.7 50.3 50.5 2.0
30 89.5 15. 4 59.5 51.4 52.4 7.3
35 86. 1 28.8 67.4 54.7 57.5 18.2
40 81.5 481 72.3 61.1 64.8 31.4
4.5 77.4 55.8 71.2 63.6 66. 6 34.0
50 72. 6 75.0 73.3 74. 4 73.8 47.7
55 64. 8 78.8 69.1 75.4 71.8 44.1
6.0 54.7 84.6 65.1 78.1 69.7 41.2
6.5 43.3 88.5 60.9 79.0 65.9 35.6
7.0 29.0 94.2 57.0 83.4 61.6 30.6
75 14.9 98.1 53.5 88.6 56.5 23.3
80 7.8 100 52.0 100 53.9 20.2
85 2.3 100 50. 6 100 51.1 10.7
9.0 0.1 100 50.0 100 50. 1 2.6
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Fig. 4 Amino acid sequence of melanin M A GE-2 protein
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Tab.2 Melanin MAGE-2 binders predicted by ANN
combined with motif prediction method ,
P MHC . s
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11 202210 LIIV LAITA 7. 742
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Prediction of CTL epitopes based on modified artificial neural network

LU Tao ., SONG Zhe,

LIU Wei, WANG Xue-ing.

QIU Xiao ming

( Dept . of Phys. , Dalian Univ. of Technol ., Dalian 116024, China )

Abstract To simplify theidentification method of cytotoxicity T lymphocytek (CTL) epitopes, the

binding affinity relationship between peptide and M HC (major histocompatibility complex) molecular

was quantitatively studied with the modified artificial neural networks method. The model of

predicting the epitopes of CT L was established, and the optimum parameters for the prediction model

were obtained. The binding affinity prediction to the 805 peptides samples of HLA-A* 0201 molecular

was carried on with this model, and the accuracy of prediction was 73. 8% .

The affinity between

nonamer of melanin M AGE2 and M HC is predicted, and the results are reliable.

Key words artificial neural network; BP networks; CT L epitopes; M HC—peptides compound



