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Fig. 2 Tree structure representation of port customer A
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Fig. 3 The classification chart of the first, second
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Fig. 4  The classification chart of the first and

fourth class customers
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Method of port customer segmentation

based on convolution kernels

WANG Yu™,

XU Yan

( School of Management, Dalian University of Technology, Dalian 116024, China )

Abstract: According to the characteristics of port customer data, a data preprocessing was done

applying the method of information gain, and 216 customer trees were got by representing it into tree

structure. A convolution tree kernel by measuring the similarity between customer trees was defined

by introducing the concept of convolution kernels. Kernel k-aggregate clustering algorithm presented

before was extended to customer trees based on convolution kernels and the clustering analysis of port

customer data was realized by using Matlab tools. The results of analyses show that application of

convolution kernels in port customer segmentation gets good effect.

Key words: convolution kernels; kernel k-aggregate clustering algorithm; port customer segmentation



