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Fig. 1 Basic structure of dynamic BP neural network
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Fig.2 Learning and test signal of the network
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Fig.4 Learning and text signal of the network (example)
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Nonlinear time delay systems identification based on dynamic BP algorithm
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Abstract ;

The modeling of nonlinear dynamic system is an important problem in the domain of

automatic control. For the problem, especially for the nonlinear time delay system, a novel dynamic

BP (back propagation) neural network algorithm with adaptive time delay parameters is proposed.
Based on the traditional multilayer perceptron neural network structure, the adaptive time delay
parameters are employed in the first hidden layer and output layer. The gradient descent method helps
to realize the parameter adjusting and time delay estimation. The simulation results show that the
proposed method can not only identify the nonlinear system effectively, but also estimate time delay

exactly.
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