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Fig. 2 Results of the candidate pedestrians segmentation
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Research on pedestrian recognition method based on support vector machines

GUO Lie""*, ZHANG Ming-heng’, LI Lin-hui®, ZHAO Yi-bing’

( 1. State Key Laboratory of Structural Analysis for Industrial Equipment, Dalian University of Technology,
Dalian 116024, China;
2. School of Automotive Engineering, Dalian University of Technology, Dalian 116024, China )

Abstract: A support vector machine-based recognition method of pedestrian in front of automotive is
introduced. The Haar-like characteristics of samples were selected and calculated, and the cascaded
classifiers were trained using AdaBoost algorithm to fastly segment candidate pedestrian areas from
the image. To form a multidimensional pedestrian describing vector, the texture and symmetry
features, as well as boundary moment and gradient oriented features were abstracted from sample
images, and the classifiers for pedestrian recognition were realized by support vector machines.
Experimental results validate the effects of the proposed method by about 75% of pedestrian detection

rate.

Key words: automotive active safety; pedestrian recognition; AdaBoost algorithm; support vector

machines



