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Adaptive weighted random sampling algorithm based on time sliding window

TANG Da"', LIU Chang', YUE Qian-jin®, ZHANG Jian-ying'

(1. School of Computer Science and Technology, Dalian University of Technology, Dalian 116024, China;

2. Department of Engineering Mechanics, Dalian University of Technology, Dalian 116024, China )

Abstract: To obtain the synopsis data of the stream data from the sensor networks, an adaptive
weighted random sampling algorithm, AWRS/BTSW algorithm, is provided based on time sliding
window. Firstly, the algorithm assigns a key value to a stream data according to its arrival time and
changes; then, based on the key value and skipping factor, the algorithm generates synopsis data. In
the deep sea platform monitoring system, the change of stream data is unknown. The algorithm can
dynamically adjust sampling according to data variation. If the data is stable, it generates synopsis

data efficiently. Even if the data is unstable, it also generates accurate synopsis data.

Key words: stream data; AWRS/BTSW algorithm; key value; skipping factor



