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Fig. 1 The working flow chart of face recognition
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Fig. 2  The relation of a testing image vector X, to its
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Face recognition with a single test image to a set

of multiple registered images for each person

HAN Zhao-cui*', SU Tie-ming', WANG Guo-giang’, OU Zong-ying', XU Wen-ji'

( 1. School of Mechanical Engineering, Dalian University of Technology, Dalian 116024, China;

2.Computer Science and Information Engineering Department, Luoyang Institute of Science and Technology s

Luoyang 471023, China )

Abstract: A set of multiple images for a person provides much richer appearance information than a

single image. Extracting the common information of multiple images can improve face recognition

performance. The classic principal angle-based approach MSM does not work well while appling in

single test image matching with image set case. A new approach based on the criterion of minimum

reconstruction error from the principal components of test images is proposed. Some experiments are

implemented on testing face image sets extracted from MBGC data set, and the experimental results

show that the proposed approach possesses significant performance upgrade and is superior to the

single image-based and principal angle-based approaches.

Key words: face recognition; multiple images matching; biometrics; principal component analysis



