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Tab. 3  Residual error and percentages comparison
of zero elements in H of Bp and Pfast
algorithms with various parameter values

0 A
a B

Bp Pfast Bp Pfast
0.01 0. 05 149.90  147.45 0. 370 0.414
0.01 0. 20 150.45 147.02 0.361 0.418
0.05 0.05 152.85 149. 33 0. 547 0.454
0.05 0. 20 152.86  150.00 0. 547 0.474
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Tab. 4  Residual error and percentages comparison
of zero elements in H of Bp and Pfast
algorithms with various f values

) A
B
Bp Plast Bp Pfast
0.05 149.27  146.35  0.218 0.373
0. 20 149. 27 146. 39 0.218 0.374
0. 50 149. 78 146. 47 0.219 0.378
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A practical fast NMF algorithm

CHENG Ming-song™, LIU Shao-lian

( School of Mathematical Sciences, Dalian University of Technology. Dalian 116024, China )

Abstract: Based on the fast non-negative matrix factorization (NMF) algorithm, a new practical fast
NMEF algorithm is developed. The new algorithm extends the constrained conditions of the fast NMF
algorithm, and it keeps having the fast convergence speed, so it is more general and practical. Then,
some extended applications for sparse NMF are proposed based on the new algorithm. Numerical
experiments show that the practical fast NMF algorithm and the fast NMF algorithm have similar
convergence speed, which is improved significantly compared with other classical NMF algorithms.
Moreover, the practical fast NMF algorithm also has good experimental results for the cases with

sparse constrained conditions being added.

Key words: non-negative matrix factorization (NMF); fast NMF algorithm; practical fast NMF

algorithm; sparse NMF



