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Fig. 1 The proportion of each length term in test corpus
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Tab.1 The results based on different features
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Tab. 2  The identification results of different lengths
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Automotive term extraction based on conditional random fields

LI Li-shuang™',

DANG Yan-zhong®,

ZHANG Jing', LI Dan'

( 1. School of Computer Science and Technology, Dalian University of Technology, Dalian 116024, China;

2. School of Management Science and Engineering. Dalian University of Technology. Dalian 116024, China )

Abstract: Chinese domain term extraction is an important task in Chinese information processing,

which has been applied to the construction of lexicography and ontology and so on. Term extraction

based on CRFs (conditional random fields) in automotive field is discussed. Firstly, plain text is

extracted from crawled web pages relating to automotive knowledge with preprocessing. Then, corpus

is labeled manually with corresponding rules written by analyzing the characteristics of automotive

terms. Therefore, domain corpus for term extraction is constructed. The features of dictionary, word

frequencies in the domain and other domain corpora are used besides the features of word and part-of-

speech. Experimental results show that the precision, recall and F-score are 84. 61%, 80.50% and

82.50% respectively. The comparison with other methods illustrates that the established model for

extracting automotive term is effective.

Key words: information extraction; domain term extraction; automotive term; conditional random

fields



