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Fig. 1 Activity monitoring platform architecture
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Fig. 2 Hardware platform
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Fig. 3 Deployment location of sensor nodes
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Fig. 4 Acceleration signals from thigh node while walking
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Tab.1 Extracted features in this study
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Fig. 5 Human daily activity and classification

HAEE

ARSCKE R 4 A2 W 4%, 01 I 4 )2 B
R AAR B AR R 7 AN S e T8, il
6 TR, B 4G, i 2% NN S 45 K iR 32 3
R SR . R A 1 25 B R 1 R, TR R R b A% IR
5 BT ZEE AR 4% NNT A% A L R X 7
BEECR I OMBESEGE SR DX ER
4 A BhASEhAE R KR s W AR 25 5 X 43
BehER Y 3 A sh k.

KIBESHE
i L g
I NN1
PN HEA KBME | RS Ly
SHE SHIE SHE | SHIE {5 Si(E
NN2 NN3 NN4
faE e

00 1 1000y 0100y 0010y 0001

Lo | L2 ] [ ] [kse] [sop] [Be] [T
B 6 %W &g &7 %

Fig. 6 Neural networks and hierarchical method
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Fig. 7 RBF network structure
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Tab. 2 Accurate rate of human activity recognition by using different classification methods %
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Abstract: Human activity recognition based on body sensor networks (BSN) has broad application in

remote medical service. A monitoring platform based on BSN is established, and acceleration signals

of 7 human activities are collected from two sensor nodes mounted on the waist and the thigh of the

user. The extractions of features include time domain and frequency domain information of tri-axis

accelerometer and then 7 human daily activities are classified by using neural network and hierarchical

method. The experimental results show that the established monitoring platform and proposed

recognition method can achieve satisfactory performance for 7 human daily activity recognition.

Key words: body sensor networks; feature extraction; neural network; activity recognition



