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Tab.1 Rates of return on five assets over ten months

H by
Wt BT BTSRRI RWTR
1 1.2 1.3 0.9 1.1 0. 80
2 1.3 1.0 L1 L1 0.75
3 1.4 0.8 1.0 1.2 0. 65
4 1.5 0.9 1.1 1.3 0.75
5 1.1 1.4 L1 1.2 0. 80
6 1.2 1.3 1.3 1.2 0.90
7 1.1 1.2 1.2 1.1 1.00
8 1.0 1.1 1.1 1.0 1.10
9 1.0 1.2 1.0 1.1 1.10
10 1.1 1.1 1.1 1.2 1. 20
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Fig. 1 The result with initial population 100
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Fig. 2 The result with initial population 1 000
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Fig.5 The sample month rate of return comparison of the different portfolios
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Solution to constrained optimization problem of second-order

stochastic dominance by genetic algorithm

ZHANG Hong-wei”', YU Hai-sheng',

PANG Li-ping's WANG Jin-he’

( 1. School of Mathematical Sciences, Dalian University of Technology, Dalian 116024, China;

2. Department of Computer, Qingdao University of Technology, Qingdao 266033, China )

Abstract: Stochastic dominance is fundamental concept in economics and decision-making theory, and

is widely applied to portfolio optimization in recent years. Genetic algorithm has the advantages,

which doesn't need to solve the subdifferential of object function and constrained function or to satisfy

Slater constrained rules, so it can solve the constrained semi-infinite and non-smooth problem. Two

examples show that the genetic algorithm can well solve the portfolio optimization problem and the

efficiency is greatly improved.

Key words: second-order stochastic dominance; genetic algorithm; portfolio optimization



