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feature in different regions
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Matching method of local feature based on attention selection

YANG Yan'?, HU Xiaopeng ',

WU  Sining',

WANG Fan', LIU Peiqi'

( 1. School of Computer Science and Technology, Faculty of Electronic Information and Electrical Engineering,

Dalian University of Technology, Dalian 116024, China;

2. School of Computer and Information Technology, Liaoning Normal University, Dalian 116029, China )

Abstract: To improve the matching performance of local features, a feature matching method based

on human attention selection mechanism is proposed. Based on the saliency analysis for local features,

to achieve the accurate matching of repetitive features in region, the most salient local features are

prefered to be matched and the robust correspondences are found to perform the following triangle

constraint. The experimental results show that the reduction of the matching region is effective for

reducing the matching ambiguities of local feature. The matching performance including both the

matching precision and the recall rate is improved, especially for the scenes with repetitive structures.

Key words: feature matching; attention selection; repetitive structure; triangle constraint



