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Tab.1 Index comparison of five algorithms
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Optimized weighted KNN algorithm based on M-distance algorithm idea

CHENG Xu, GAO Yongzheng, GUO Fang”

( School of Management, Dalian Polytechnic University, Dalian 116032, China )

Abstract: To select features quickly and classify the data accurately, the idea of M-distance algorithm
is used to cluster the data set, and the sample data is preprocessed. The weighted K-nearest neighbor
algorithm is designed to reduce the sample spacing and construct the sample classification model. The
method of simulating harmonic vibration is used to traverse the sample data, solve the optimal
weighted eigenvector and realize the sample classification. The experimental results show that the
designed algorithm is correct and the classification model is reasonable. In the sample data features,
the top 10 sample features that consumers are most concerned about are separated, which are in line

with consumers’ behavior choice, indicating that the algorithm design has a certain practicality.

Key words: sample nearest neighbor; weighted eigenvector; harmonic oscillator; sample classification





