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Fig. 1 The structure of single output sub-network
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Missing value imputation method based on single output
sub-network with iterative learning

GUAN Lijings HE Jiefan, ZHANG Liyong®, YAN Xiaoming

( School of Control Science and Engineering, Dalian University of Technology, Dalian 116024, China )

Abstract: Incomplete data exist widely in the real world, which usually increases the difficulty of
data analysis and mining, and affects the reliability of analysis results. Therefore, it has become an
important issue in data analysis and mining that missing values could be reasonably imputed. The
method of attribute association modeling of incomplete data is used for missing value imputation. In
view of the complexity of the relations among attributes, a kind of single output sub-network model
with strong learning ability is adopted for missing value imputation. Aiming at the problem of
incomplete model input caused by the existence of missing values, focusing on the treatment and
description of missing values, a missing value imputation method based on single output sub-network
with iterative learning is proposed. The experimental results show that the single output sub-network
assisted by iterative learning can achieve more accurate imputation results, which verifies the

effectiveness of the proposed method.

Key words: incomplete data; missing value imputation; single output sub-network; model-based

imputation; iterative learning





