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Tab. 3 Comparison results of this algorithm with

other algorithms in UCI dataset
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Fuzzy support vector machine based on dynamic class-center model selection

SONG Yiming, JU Zhe”

( College of Science; Shenyang Aerospace University, Shenyang 110136, China )

Abstract: The core idea of fuzzy support vector machine is to give the fuzzy membership to the
samples and give different weights to each sample, so as to overcome the problems that the standard
support vector machine is sensitive to noise and outliers. The existing fuzzy support vector machine
algorithms usually assign a fixed membership to each sample based on the distance between the sample
and the class-center, without further modifying the membership according to the sample distribution.
A new dynamic mode is proposed to assign membership to the sample. The firefly algorithm is used to
update the position and membership function of the sample center constantly, and the particle swarm
optimization algorithm is used to optimize the parameters of fuzzy support vector machine.
Experimental results on UCI dataset show that the proposed algorithm can effectively reduce the
influence of noise and wild points on the hyperplane, and the classification performance is better than

that of several common fuzzy support vector machine algorithms.

Key words: fuzzy support vector machine; membership function; classification; particle swarm

optimization algorithm; firefly algorithm



